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Declines in executive function and dual-task performance have been related to falls in older adults, and recent research suggests
that older adults at risk for falls also show impairments on real-world tasks, such as crossing a street. The present study examined
whether falls risk was associated with driving performance in a high-fidelity simulator. Participants were classified as high or low
falls risk using the Physiological Profile Assessment and completed a number of challenging simulated driving assessments in which
they responded quickly to unexpected events. High falls risk drivers had slower response times (∼2.1 seconds) to unexpected events
compared to low falls risk drivers (∼1.7 seconds). Furthermore, when asked to perform a concurrent cognitive task while driving,
high falls risk drivers showed greater costs to secondary task performance than did low falls risk drivers, and low falls risk older
adults also outperformed high falls risk older adults on a computer-based measure of dual-task performance. Our results suggest
that attentional differences between high and low falls risk older adults extend to simulated driving performance.

1. Introduction

Per mile driven, adults over age 65 are more likely to
be involved in motor vehicle collisions than are younger
experienced drivers [1], and declines in attention are related
to older driver impairment [2, 3]. Attention is also critical to
balance and gait, especially for older adults. Walkers must
monitor for changes in environment and plan their next
step. When a walking or balance task is combined with a
cognitively challenging secondary task (e.g., memorizing a
list of words), performance decrements are found for both
tasks relative to performing each task separately [4]. These
dual-task costs suggest that walking competes for shared
attentional resources, as predicted by resource models of
attention [5–9].

Older adults often have increased difficulty when mul-
titasking, including paradigms that involve balancing or
walking [10–12]. For example, older adults show larger dual-
task costs onwalkingwhilememorizing task than do younger
adults [13–16]. Such declines in multitasking ability are
theorized to result in an increased risk for falls among older
adults. Approximately 30% of community-dwelling older

adults experience one or more falls annually [17, 18]. Age-
related declines in the ability to multitask are related to an
increase in falls risk. For example, performance on a counting
while walking task predicts falls in older adults ([19]; see also
[20–22]). Similarly, older adults at high risk for falls are less
successful than low falls risk adults when crossing the street
in a simulated environment while talking on a hands-free cell
phone [23].

Differences in multitasking ability that have been asso-
ciated with falls risk are theorized to result from declines
in executive control, the functions which select, schedule,
and coordinate task processes. Low falls risk older adults
outperform high falls risk adults on tasks theorized to index
executive control abilities [24–26]. Further, measures of exec-
utive control predict laboratory dual-task performance [27].
This suggests that older adults with poorer executive control
are worse at managing complex task demands pertaining to
balance or gait and are, therefore, more likely to fall.

Executive control is also important for other real-world
tasks, such as driving. Drivers must attend to several areas
of the environment and plan and execute responses to avoid
collisions. Indeed, poorer performance on executive control
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tasks is predictive of retrospective crashes in a sample of older
male drivers [28], and models of crash risk often comprise
multidisciplinary factors, including physical ability, attention,
and health [29–31]. Importantly, data also suggest a link
between falls risk and driving. A history of falls is associated
with older driver crashes [32], and some models of crash
risk actually incorporate falls risk among other physical and
cognitive measures [33]. Importantly, however, the results
linking falls risk and driving performance rely on crash
reports and subjectively rated driving performance and do
not identify the behaviors related to unsafe driving in high
falls risk older adults.

The goal of the present study was to explore the
relationship between falls risk and driving in older adults
in greater detail using a high-fidelity driving simulator,
which allowed us to place drivers in potentially dangerous
situations and to collect objective performance measures.
We also included a battery of cognitive tasks to examine
the relationship between falls risk, cognition, and simulated
driving. Given previous findings of heightened crash risk,
we predicted that low falls risk drivers would outperform
high falls risk drivers on our simulator driving assessments.
We further predicted that high falls risk drivers would
show the greatest performance decrements in simulated
driving performance under highmultitasking load (i.e., when
responding to unexpected events). Finally, we predicted that
low falls risk older adults would outperform high falls risk
adults on a desktop computer dual-task paradigm.

2. Methods

2.1. Participants. 36 independent-living older adults were
recruited from the Urbana-Champaign community and paid
$8 per hour for participating. All participants demonstrated
normal or corrected-to-normal visual acuity (20/30 or better
using a Snellen chart) and normal color vision (Ishihara
Color Vision Test) and scored above 28 (of 30) on the
Folstein minimental state exam. All participants had valid
drivers’ licenses and drove regularly. Mobility and balance
were assessed using the Timed Up and Go test (TUAG) [34].
Descriptive data are provided in Table 1.

2.2. Apparatus and Falls Risk Assessment. The Beckman
Institute Driving Simulator at the University of Illinois
(http://isl.beckman.illinois.edu/) was used to assess sim-
ulated driving performance. The simulator consists of a
General Motors Saturn automobile surrounded by eight
screens. Traffic environments and experimental scenarios
were developed using HyperDrive Authoring Suite. Data was
recorded at 60Hz. A PC with a 19-inch screen was used for
neuropsychological testing. All taskswere programmedusing
E-prime (Psychology Software Tools). Viewing distance was
approximately 77 cm for all tasks, although participants were
free to move their heads.

2.2.1. Falls Risk. Participants completed a falls history ques-
tionnaire (i.e., “have you fallen in the last 6 months?” “how
many times?”). Only three individuals reported falling in the

previous 6 months.Thus, we classified participants as high or
low falls risk based on scores from the Physiological Profile
Assessment (PPA), as described by Lord and colleagues [35].
The PPA is a composite falls risk score based on measures of
edge contrast sensitivity, hand reaction time, proprioception,
leg muscle strength, and sway, which have shown to reliably
predict falls in community and institutional settings [36,
37]. We set an a priori cutoff score of 0.6 to classify high
and low falls risk (i.e., high falls risk ≥ 0.6) [38]. Fifteen
participants were classified as high falls risk (mean age =
75.8, age range = 71–80), and 15 participants were classified
as low falls risk (mean age = 74.4, age range = 67–80). The
high and low falls risk groups were statistically similar in age,
driving experience, and current driving habits. PPA scores
were significantly correlated with times on the TUAG test
(𝑟 = .61, 𝑃 = .001).

2.3. Cognitive Battery

2.3.1. Computer Dual Task. Participants performed two tasks
both separately and simultaneously. For one task, participants
determined whether a letter was an A or B and pressed
corresponding keys with their right hand. In the second
task, participants determined whether a number was a 2
or 3 and pressed a corresponding key with their left hand.
On single-task trials (50%), participants performed only
one task. On dual-task trials (50%), they performed both
tasks. The primary performance measure was reaction time.
Participants completed single-task and dual-task practice
trials, followed by a block of forty intermixed single- and
dual-task test trials.

2.3.2. Functional Field of View (FFOV). Participants searched
for a white triangle within a circle among square distracters
in a briefly (44ms) presented display. Targets were pre-
sented with equal probability on one of 8 radial spokes at
eccentricities of 10∘, 20∘, and 30∘ from fixation. The search
display was followed by a 100ms mask consisting of random
black and white lines and shapes. Participants then clicked
with the mouse on the spoke where the target appeared.
The percentage of targets correctly localized was the critical
measure of performance.This task is similar to the peripheral
localization subtask of the Useful Field of View [3], and
we theorized that this measure might be predictive of older
drivers’ ability to respond to peripheral events. Participants
completed 24 practice trials followed by 120 test trials.

2.3.3. Realistic Change Detection. Participants performed a
flicker change detection task [37]. Stimuli were 80 pairs of
photographs of real driving scenes taken from the driver’s
perspective. Each pair of images differed in one detail (e.g.,
a car in one image was removed from the other image). On
each trial, participants saw a repeating cycle of 4 images, first
image (240ms), a gray mask screen (80ms), the modified
image (240ms), and a gray mask screen (80ms), and pressed
a key when they detected the change. The screen froze, and
participants clicked on the change location with the mouse.
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Reaction time and accuracy were used as performance mea-
sures. Participants had 30 seconds to respond and completed
1 practice trial followed by 40 test trials.

2.4. Simulator Driving Assessment

2.4.1. Following Task. Drivers followed a lead vehicle (LV)
along a straight, two-lane highway for approximately 15
minutes. Participants were instructed to maintain a 5-second
gap from the LV, which traveled at 45mph. During the
practice drive, participants received auditory feedback to help
visualize the 5-second gap. At 20 random times during the
test drives, the LV’s brake lights illuminated and its speed
decreased. Drivers were instructed to brake as soon they
detected LV slowing. When the driver pressed the brake,
the LV accelerated back to 45mph. Performance measures
included response time to LV braking, following distance,
and lane keeping.

2.4.2. Hazard Task. Drivers responded to potentially haz-
ardous events as they drove along a straight, two-lane urban
road for approximately 15 minutes. Ambient traffic and
pedestrians were randomly generated such that there was
a constant stream of traffic in the opposite lane, and the
sidewalks were crowded with pedestrians. Participants were
instructed tomaintain a speed of 35mph.Therewere a total of
20 randomly spaced potential hazards in each drive. Hazards
comprised pedestrians crossing the roadway and cars on the
right shoulder beginning to pull out and stopping (Figure 1).
Participants were instructed to press the brakes as soon as
detecting a hazard. Performance measures included brake
response time and lane keeping.

2.4.3. Secondary Task. Participants completed two versions
of two separate simulated driving tasks. The order of the task
conditions was counterbalanced across participants. In the
drive-only condition, participants drove without secondary
task distraction. In the drive + 1-Back condition, participants
performed cognitively demanding secondary task, a contin-
uous 1-Back task where they heard a letter every 3 seconds
and indicated whether the letter was the same as or different
from the previous letter via buttons on the steering wheel,
while driving. Accuracy was considered the primarymeasure
of secondary task performance.

2.5. Procedure. Participants completed three 1.5-hour ses-
sions. Session 1 consisted of a screening drive for simulator
sickness, descriptive measures, and falls risk assessment (6
potential participants showed signs of simulator sickness
and were not included in the study). In sessions 2 and 3,
participants completed the three computer-based cognitive
tasks, followed by practice with the secondary task and two
driving assessments in the simulator. The order of the cog-
nitive tasks and driving task conditions was counterbalanced
across subjects.

Table 1: Demographic and cognitive measures.

Measure High falls risk Low falls risk
(𝑁 = 14) (𝑁 = 14)

Age (years) 75.8 (3.3) 74.4 (5.5)
Physiological Profile Assessment
score∗∗ 1.67 (.64) .33 (.26)

Timed up and go (seconds)∗∗ 13.94 (2.6) 10.18 (2.2)
Activities balance confidence score
(of 16)∗ 14.17 (1.4) 15.43 (.42)

Miles driven per week 55.36 (9.9) 61.42 (7.0)
Years licensed 58.86 (5.3) 57.86 (3.2)
Crashes in last 12 months 3 2
FFOV Accuracy (% Correct) 44.29 (19.9) 47.13 (18.7)
Flicker CD RT (s) 7.40 (1.13) 7.70 (1.28)
Flicker CD Accuracy (% Correct) 53.7 (10.3) 55.39 (8.4)
Computer dual-task cost (ms)∗ 572.7 (207.2) 354.8 (207.8)
Collisions 8 6
Data expressed as mean (SD).
∗

𝑃 < .05; ∗∗𝑃 < .001.
FFOV: functional field of view.
CD: change detection.
RT: response time.
Dual-task cost = dual RT − single RT.

3. Results

3.1. Cognitive Battery. Three participants (2 high falls risk and
1 low falls risk) did not complete the cognitive battery (due
to technical issues) and were not included in analyses of the
cognitive tasks. Dual-task cost was calculated by subtracting
the single-task reaction time from the dual-task reaction
time. High falls risk participants had a significantly higher
dual-task cost compared to the low falls risk group, F(1,23) =
6.88, 𝑃 < .05. Single-task reaction times on the computer
dual-task paradigm did not differ between the groups, F(1,23)
= .19, 𝑃 = .67, indicating that differences were not due to
general slowing. Localization accuracy on the FFOV task did
not differ between the falls risk groups (𝑃 > .70), nor did
reaction time or accuracy on the change detection task (P’s
> .35; see Table 1).

3.2. Driving Assessment. Analyses were performed separately
for each driving task. Driving measures were entered into
an ANOVA with falls risk group (high versus low) as a
between-subjects factor and task condition (drive-only versus
drive + 1-Back) as a within-subjects factor. Two participants
(1 high falls risk and 1 low falls risk) who had passed the
screening drive showed signs of simulator sickness during the
experimental drives, did not complete the study, and were
excluded from analyses.

Collisions were infrequent in both driving tasks (Table 1),
precluding statistical analysis. Response time (RT) was
defined as the time it took a driver to press the brake pedal
following the onset of the LV brake lights or the triggering
of a hazard event (Figure 2). Only events where the driver
avoided a collision were included in the analyses. Low falls
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(a) (b)

Figure 1: Examples of potential hazards in the hazard driving task. In (a), a pedestrian crosses the street in front of the driver. In (b), a parked
vehicle starts to pull out in front of the driver.
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Figure 2: Brake response times. Mean brake response time in
seconds for the high and low falls risk driver groups in drive-only
and drive + 1-Back task conditions in the hazard response and car
following paradigms. Error bars represent one standard error of the
mean. ∗𝑃 < .05.

risk drivers responded significantly faster than high falls risk
drivers to LVbraking events, F(1,26) = 11.28,𝑃 < .01. Low falls
risk drivers also responded faster than high falls risk drivers
to the onset of hazard events, F(1,26) = 9.32, 𝑃 < .01. In the
following task, performing the auditory 1-Back task slowed
responses, F(1,26) = 5.24, 𝑃 < .05, though this was not the
case for the hazard drive, F(1,26) = .083, 𝑃 = .78.

We ran separate analyses using hand reaction time,
contrast sensitivity, and the combination of hand reaction
time and contrast sensitivity as covariates to investigate the
impact of specific components of the PPA [38]. With hand
reaction time as a covariate, low falls risk drivers still had
significantly faster RTs than did high falls risk drivers (P’s
< .05). When contrast sensitivity was included as a covariate,
low falls risk drivers responded faster than did high falls risk
drivers in the hazard (F(1,26) = 4.90, 𝑃 < .05) but not the
following (F(1,26) = 1.21, 𝑃 > .10) simulated driving tasks.
When both hand reaction time and contrast sensitivity were

included as covariates, brake RT differences between groups
were no longer significant (P’s > .10).

High and low falls risk drivers did not differ in average
velocity or lane keeping performance (all P’s > .10). On the
following task, headway distance was defined as the average
distance between the driver’s vehicle and the LV. Drivers
increased their headway in the drive + 1-Back condition,
F(1,26) = 4.078,𝑃 = .05. However, performing the concurrent
secondary task did not differentially impair high falls risk
drivers (𝑃 > .40).

3.2.1. Does Computer Dual-Task Performance Predict Driv-
ing Performance? To examine whether performance on the
computer dual-task paradigm predicted simulated driving,
we computed the correlation between dual-task cost on the
computer paradigm and RT in the driving tasks. Participants
with a lower computer dual-task cost responded faster to
both LV braking events (𝑟 = .42, 𝑃 < .05) and to
hazard events (𝑟 = .45, 𝑃 < .05). Conversely, single-task
performance in the computer dual-task paradigm was not
correlated with RT in the simulated driving assessments (P’s
> .20; Figures 3(c) and 3(d)).

3.2.2. Secondary Task Performance. We compared accuracy
on the auditory 1-Back task during 1-Back only (during the
last half of practice) and 1-Back + driving performances to
examine whether there were costs to secondary task perfor-
mance when driving (Figure 4) [39]. There was a significant
cost to 1-Back accuracy in both the following drive (F(1,26)
= 254.5, 𝑃 < .001) and the hazard drive (F(1,26) = 173.0,
𝑃 < .001), though there was no difference between falls risk
groups (𝑃 > .15). To determine if a group difference existed
when the driving task was most demanding, we divided 1-
Back accuracy into critical segments (i.e., during peripheral
hazard or LV braking events) and noncritical segments (i.e.,
periods between critical events). High falls risk participants
were marginally worse than were low falls risk participants
during critical periods in both the following (F(1,26) = 3.27,
𝑃 = .084) and the hazard drives (F(1,26) = 3.57, 𝑃 = .071).
There were no differences in 1-Back accuracy between groups
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Figure 3: Driving response times and dual-task performance. Response time in seconds in the hazard (a) and (c) and following (b) and (d)
driving tasks plotted against single-task and dual-task reaction time in milliseconds on the computer dual-task paradigm. ∗𝑃 < .05.

in the noncritical segments for either drive (P’s > .70; see
Figure 3). This indicates that, when responding to critical
events, high falls risk drivers showed larger costs to secondary
task performance than did low falls risk drivers. Though this
may have been a compensatory strategy, it did not eliminate
group differences in RT to critical driving events.

4. Discussion

The current study compared the driving performance of
high and low falls risk older adults in a high-fidelity driving

simulator. Of greatest importance is the finding that high falls
risk drivers responded approximately 400ms slower than
did low falls risk drivers to critical events. High falls risk
drivers responded slower than did low falls risk drivers to
both central lead vehicle braking events and to peripheral
hazards. Such slower responses may be a contributing factor
to heightened crash rates for high falls risk older adults
reported elsewhere [32]. Indeed, the ability to detect hazards
has been linked to crash involvement [40].

Our data extend the literature that examines multitasking
performance in older adults at high and low risk for falls
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Figure 4: 1-Back accuracy. Accuracy on the 1-Back task in critical
and noncritical segments of the hazard and following drives and
in the single-task (1-Back only) condition. Error bars represent one
standard error of the mean. ∗𝑃 < .05.

[19–23]. In our cognitive battery, high falls risk participants
had greater dual-task costs on the computer paradigm than
did low falls risk older adults, and, importantly, this was
not due to differences in general slowing. In much the
same way as walking, responding to critical events while
driving requires the ability tomultitask; driversmust scan the
environment and plan and execute evasive responses while
controlling the vehicle. In our study, the ability to efficiently
allocate attention among different tasks was most critical to
responding to unexpected driving events in the simulator.
This is supported by the finding that performance on the
computer dual-task paradigm predicted driving RTs and
further suggests that these multitasking differences between
high and low falls risk older adults are somewhat general in
nature. Previous research suggests that deficits in executive
function likely underlie declines inmultitasking performance
and mediate the relationship between balance and falls [24,
25, 27], as well as crash risk for older drivers [28]. Changes in
executive control likely contribute to the generalmultitasking
differences shown in our cognitive battery and simulator
driving assessments.

Our results indicate that contrast sensitivity and response
time were the most important components of the PPA
relating to simulated driving RT. Previous work has found
that contrast sensitivity and response time are important
abilities in responding to driving hazards [41]. The present
data suggest that these abilities are important to both walking
and simulated driving.

We failed to find differences between high and low
falls risk drivers on other simulator driving performance
measures such as lane keeping. Hazard responses posed the
highest multitasking demand in our driving assessments.

Previous research has shown that multitasking differences
in older adults and differences between high and low falls
risk older adults arise primarily at the highest levels of task
demand [13, 16, 23]. Thus, in the present study, high and
low falls risk drivers performed equally well during relatively
low-demand driving intervals, but high falls risk drivers were
more impaired in high-demand situations, resulting in slower
responses. In the driving + 1-Back condition, dual-task costs
were found primarily in 1-Back accuracy. This may reflect a
strategy whereby older adults compensated for higher task
demands by sacrificing performance on the less safety-critical
task [14]. During responses to critical events, high falls risk
drivers sacrificed 1-Back accuracy more than did low falls
risk drivers, which again suggests high falls risk participants
struggled under high multitasking demand.

Future work should explore the contribution of different
components of executive control (e.g., switching and inhi-
bition) to deficits in real-world tasks such as walking and
driving. Eye tracking techniques could inform as to whether
high and low falls risk drivers differ in the way they deploy
attentionwithin a driving scene. Research should also explore
other driving tasks where older adults are differentially
involved in crashes, such as busy intersections [42]. The
examination of on-road driving measures is also needed
to validate that response time differences in the simulator
translate to real-world driving.

In summary, our results demonstrate that high falls risk
older drivers respond slower than do low falls risk drivers
when responding to potential dangers in a driving simulator.
A multidimensional approach that includes falls risk may be
useful in more accurately assessing older driver impairment.

Acknowledgments

The authors would like to thank the Illinois Simulator Lab for
their support and J. C. and K. L. for subject running. A subset
of this data was presented at the Cognitive Aging Conference
in Atlanta, in April 2012.

References

[1] L. Evans, Traffic Safety, Science Serving Society, Bloomfield
Hills, Mich, USA, 2004.

[2] O. J. Clay, V. G.Wadley, J. D. Edwards, D. L. Roth, D. L. Roenker,
and K. K. Ball, “Cumulative meta-analysis of the relationship
between useful field of view and driving performance in older
adults: current and future implications,” Optometry & Vision
Science, vol. 82, no. 8, pp. 724–731, 2005.

[3] L. Hoffman, P. Atchley, J. M. McDowd, and R. Dubinsky, “The
role of visual attention in predicting driving impairment in
older adults,” Psychology and Aging, vol. 20, no. 4, pp. 610–622,
2005.

[4] M. Woollacott and A. Shumway-Cook, “Attention and the
control of posture and gait: a review of an emerging area of
research,” Gait & Posture, vol. 16, no. 1, pp. 1–14, 2002.

[5] B. Kerr, S. M. Condon, and L. A. McDonald, “Cognitive
spatial processing and the regulation of posture,” Journal of
Experimental Psychology, vol. 11, no. 5, pp. 617–622, 1985.



Journal of Aging Research 7

[6] S. Kemper, R. E. Herman, and C. H. T. Lian, “The costs of
doing two things at once for young and older adults: talking
while walking, finger tapping, and ignoring speech or noise,”
Psychology and Aging, vol. 18, no. 2, pp. 181–192, 2003.

[7] H. E. Pashler, The Psychology of Attention, The MIT Press,
Cambridge, Mass, USA, 1998.

[8] C. D. Wickens, “Multiple resources and performance predic-
tion,” Theoretical Issues in Ergonomics Science, vol. 3, no. 2, pp.
159–177, 2002.

[9] A. F. Kramer and D. Madden, “Attention,” in The Handbook of
Aging and Cognition, F. I. M. Craik and T. A. Salthouse, Eds.,
pp. 189–249, Psychology Press, NewYork, NY, USA, 3rd edition,
2008.

[10] J. Kray and U. Lindenberger, “Adult age differences in task
switching,” Psychology and Aging, vol. 15, no. 1, pp. 126–147,
2000.

[11] P. S. Tsang and T. L. Shaner, “Age, attention, expertise, and time-
sharing performance,” Psychology and Aging, vol. 13, no. 2, pp.
323–347, 1998.

[12] A. F. Kramer, J. Larish, T. Weber, and L. Bardell, “Training for
executive control: task coordination strategies and aging,” in
Attention and Performance XVII, D. Gopher andA. Koriat, Eds.,
The MIT Press, Cambridge, Mass, USA, 1999.

[13] U. Lindenberger, M. Marsiske, and P. B. Baltes, “Memorizing
while walking: increase in dual-task costs from young adult-
hood to old age,” Psychology and Aging, vol. 15, no. 3, pp. 417–
436, 2000.

[14] K. Z. H. Li, U. Lindenberger, A. M. Freund, and P. B. Baltes,
“Walking while memorizing: age-related differences in com-
pensatory behavior,” Psychological Science, vol. 12, no. 3, pp.
230–237, 2001.

[15] O.Huxhold, S. C. Li, F. Schmiedek, andU. Lindenberger, “Dual-
tasking postural control: aging and the effects of cognitive
demand in conjunction with focus of attention,” Brain Research
Bulletin, vol. 69, no. 3, pp. 294–305, 2006.

[16] M. B. Neider, J. G. Gaspar, J. S. McCarley, J. A. Crowell, H.
Kaczmarski, and A. F. Kramer, “Walking and talking: dual-task
effects on street crossing behavior in older adults,” Psychology
and Aging, vol. 26, no. 2, pp. 260–268, 2011.

[17] M. E. Tinetti, M. Speechley, and S. F. Ginter, “Risk factors for
falls among elderly persons living in the community,” The New
England Journal of Medicine, vol. 319, no. 26, pp. 1701–1707, 1988.

[18] A. J. Blake, K. Morgan, M. J. Bendall et al., “Falls by elderly
people at home: prevalence and associated factors,” Age and
Ageing, vol. 17, no. 6, pp. 365–372, 1988.

[19] O. Beauchet, V. Dubost, G. Allali, R. Gonthier, F. R. Hermann,
and R. W. Kressig, “‘Faster counting while walking’ as a
predictor of falls in older adults,” Age and Ageing, vol. 36, no.
4, pp. 418–423, 2007.

[20] L. Lundin-Olsson, L. Nyberg, and Y. Gustafson, “‘Stops walking
when talking’ as a predictor of falls in elderly people,” The
Lancet, vol. 349, no. 9052, p. 617, 1997.

[21] J. Verghese, H. Buschke, L. Viola et al., “Validity of divided
attention tasks in predicting falls in older individuals: a prelim-
inary study,” Journal of the American Geriatrics Society, vol. 50,
no. 9, pp. 1572–1576, 2002.

[22] K. A. Faulkner, M. S. Redfern, J. A. Cauley et al., “Multitasking:
association between poorer performance and a history of
recurrent falls,” Journal of the American Geriatrics Society, vol.
55, no. 4, pp. 570–576, 2007.

[23] L. S. Nagamatsu, M. Voss, M. B. Neider et al., “Increased
cognitive load leads to impaired mobility decisions in seniors at
risk for falls,” Psychology and Aging, vol. 26, no. 2, pp. 253–259,
2011.

[24] J. M. Hausdorff, G. M. Doniger, S. Springer, G. Yogev, N. Giladi,
and E. S. Simon, “A common cognitive profile in elderly fallers
and in patients with Parkinson’s disease: the prominence of
impaired executive function and attention,” Experimental Aging
Research, vol. 32, no. 4, pp. 411–429, 2006.

[25] L. J. Rapport, R. A. Hanks, S. R. Millis, and S. A. Deshpande,
“Executive functioning and predictors of falls in the rehabilita-
tion setting,” Archives of Physical Medicine and Rehabilitation,
vol. 79, no. 6, pp. 629–633, 1998.

[26] G. Yogev-Seligmann, J.M.Hausdorff, andN.Giladi, “The role of
executive function and attention in gait,” Movement Disorders,
vol. 23, no. 3, pp. 329–342, 2008.

[27] S. Springer, N. Giladi, C. Peretz, G. Yogev, E. S. Simon, and J. M.
Hausdorff, “Dual-tasking effects on gait variability: the role of
aging, falls, and executive function,” Movement Disorders, vol.
21, no. 7, pp. 950–957, 2006.

[28] G. Daigneault, P. Joly, and J. Y. Frigon, “Executive functions
in the evaluation of accident risk of older drivers,” Journal of
Clinical and Experimental Neuropsychology, vol. 24, no. 2, pp.
221–238, 2002.

[29] J. M. Wood, K. J. Anstey, G. K. Kerr, P. F. Lacherez, and S.
Lord, “A multidomain approach for predicting older driver
safety under in-traffic road conditions,” Journal of the American
Geriatrics Society, vol. 56, no. 6, pp. 986–993, 2008.

[30] P. A. Hoggarth, C. R. H. Innes, J. C. Dalrymple-Alford, J. E.
Severinsen, and R. D. Jones, “Comparison of a linear and a non-
linear model for using sensory-motor, cognitive, personality,
and demographic data to predict driving ability in healthy older
adults,” Accident Analysis and Prevention, vol. 42, no. 6, pp.
1759–1768, 2010.

[31] C. A. Fischer, G. V. Kondraske, and R. Malcolm Stewart,
“Prediction of driving performance using nonlinear causal
resource analysis,” in Proceedings of the 2nd Joint Engineering in
Medicine and Biology, 24th Annual Conference and the Annual
Fall Meeting of the Biomedical Engineering Society EMBS/BMES
Conference, pp. 2473–2474, 2002.

[32] K. L.Margolis, R. P. Kerani, P.McGovern, T. Songer, J. A. Cauley,
and K. E. Ensrud, “Risk factors for motor vehicle crashes in
older women,” Journals of Gerontology A, vol. 57, no. 3, pp.
M186–M191, 2002.

[33] K. K. Ball, D. L. Roenker, V. G. Wadley et al., “Can high-
risk older drivers be identified through performance-based
measures in a department of motor vehicles setting?” Journal of
the American Geriatrics Society, vol. 54, no. 1, pp. 77–84, 2006.

[34] D. Podsiadlo and S. Richardson, “The timed ‘Up & Go’: a test
of basic functional mobility for frail elderly persons,” Journal of
the American Geriatrics Society, vol. 39, no. 2, pp. 142–148, 1991.

[35] S. R. Lord, H. B. Menz, and A. Tiedemann, “A physiological
profile approach to falls risk assessment and prevention,”
Physical Therapy, vol. 83, no. 3, pp. 237–252, 2003.

[36] S. R. Lord and J. Dayhew, “Visual risk factors for falls in older
people,” Journal of the American Geriatrics Society, vol. 49, no.
5, pp. 508–515, 2001.

[37] S. R. Lord, R. D. Clark, and I.W.Webster, “Physiological factors
associated with falls in an elderly population,” Journal of the
American Geriatrics Society, vol. 39, no. 12, pp. 1194–1200, 1991.

[38] K. Delbaere, J. C. T. Close, J. Heim et al., “A multifactorial
approach to understanding fall risk in older people,” Journal of



8 Journal of Aging Research

the American Geriatrics Society, vol. 58, no. 9, pp. 1679–1685,
2010.

[39] E. Becic, G. S. Dell, K. Bock, S. M. Garnsey, T. Kubose, and A.
F. Kramer, “Driving impairs talking,” Psychonomic Bulletin &
Review, vol. 17, no. 1, pp. 15–21, 2010.

[40] M. S. Horswill, K. J. Anstey, C. G. Hatherly, and J. M. Wood,
“The crash involvement of older drivers is associated with
their hazard perception latencies,” Journal of the International
Neuropsychological Society, vol. 16, no. 5, pp. 939–944, 2010.

[41] M. S. Horswill, S. A. Marrington, C. M. McCullough et al.,
“The hazard perception ability of older drivers,” Journals of
Gerontology B, vol. 63, no. 4, pp. P212–P218, 2008.

[42] M. R. E. Romoser and D. L. Fisher, “The effect of active versus
passive training strategies on improving older drivers’ scanning
in intersections,” Human Factors, vol. 51, no. 5, pp. 652–668,
2009.


